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Executive Summary 

Many organizations are no longer asking whether artificial intelligence matters. They 
are asking how quickly they should adopt it, where it should be used, and how far it 
should be allowed to go. 

That urgency is understandable. AI is changing how work is performed, how 
knowledge is accessed, how decisions are supported, and how organizations imagine 
their future operating models. Yet many AI efforts remain shallow. Companies buy 
tools, announce initiatives, encourage employee experimentation, and launch pilots 
without changing how the organization actually operates. 

The result is a growing gap between AI activity and AI maturity. 

AI maturity is not measured by how many employees use AI, how many tools have 
been purchased, or how often executives mention transformation. True maturity is 
measured by whether AI has made the organization more visible, actionable, 
extensible, governable, and capable of learning over time. 

This paper introduces The Operating Intelligence Maturity Model, a six-level 
framework for assessing how deeply AI has become part of an organization’s  
operating structure. 



The model moves from: 

L0 — AI Theater 
AI exists mostly as rhetoric, demos, or scattered experimentation. 

L1 — Personal Productivity 
Individuals use AI to work faster, but workflows remain private and fragile. 

L2 — Team Workflow 
Teams create repeatable AI-supported workflows within functional boundaries. 

L3 — Organizational Infrastructure 
AI can see and act across systems, teams, and records. 

L4 — Compounding Operating System 
Governed agents, shared memory, reusable workflows, evaluation, and policy-
driven authority improve operations over time. 

L5 — Virtually Self-Driving Organization 
A theoretical horizon where core operating loops can sense reality, diagnose 
issues, initiate work, act within delegated authority, escalate appropriately, and 
improve future behavior. 

The purpose of this model is not to encourage reckless automation. Quite the 
opposite. As AI maturity increases, risk changes in kind. Low maturity creates hidden 
risks such as shadow AI, false confidence, and scattered experimentation. High 
maturity creates systemic risks around authority, accountability, governance, 
dependency, and compounding error. 

The central principle is simple: 

AI maturity is not the degree to which humans have been removed. It is the degree to 
which organizational intelligence has become visible, governable, actionable, 
extensible, and capable of improving over time. 

The goal is not maximum automation. 

The goal is better judgment, better coordination, and better operating intelligence. 



1. The Problem With Most AI Maturity 
Conversations 
Many organizations approach AI maturity through the wrong indicators. 

They ask: 

• How many employees are using AI? 
• How many AI tools have we purchased? 
• How many workflows have been automated? 
• How many pilots are active? 

• Have we hired someone to lead AI? 
• Have we announced an AI strategy? 

These questions are not useless, but they are incomplete. They measure activity,  
not maturity. 

An organization can have widespread AI usage and still have no meaningful AI 
operating model. Employees may use ChatGPT, Claude, Copilot, Gemini, or other 
tools every day, while organizational knowledge remains scattered, workflows remain 
undocumented, and business systems remain disconnected. 

Likewise, a company can have AI workflows in several departments without becoming 
an AI-enabled organization. Sales may have an AI prospecting tool. Support may have 
an AI triage assistant. Engineering may have AI code review. Marketing may have AI 
content generation. Yet if these workflows do not connect, the organization has not 
become intelligent. It has become a collection of AI-enhanced silos. 

The deeper question is not: 

Is AI being used? 

The better question is: 

Has AI changed how the organization sees, decides, acts, learns,  
and governs itself? 

That is the question this model is designed to answer. 



2. From Automation to  
Operating Intelligence 
The word “automation” often dominates AI conversations. Leaders want to know which 
tasks AI can automate, which roles may be reduced, and which processes can be 
accelerated. 

Automation matters, but it is too narrow a frame. 

Modern AI does not simply automate fixed processes. It helps organizations interpret 
language, synthesize knowledge, connect patterns, generate structured outputs, 
and interact with complex systems through conversation. In this sense, AI is not 
merely an automation engine. It is an operating intelligence layer. 

Operating intelligence refers to the organization’s ability to: 

• See what is happening across systems 
• Understand the relationships between events 
• Support better decisions 
• Act within defined authority 
• Preserve institutional knowledge 
• Improve workflows over time 
• Escalate uncertainty to humans 
• Maintain accountability as capability increases 

An organization becomes more mature not simply when AI does more work, but when 
AI helps the organization operate with greater clarity. 

This requires judgment. 

AI should not be treated as the strategy. AI is a tool inside a strategy. Before an 
organization automates, it must understand what problem it is solving, what decision it 
is improving, what data is required, what risk is involved, and where human 
accountability must remain central. 

The purpose of AI maturity is not to remove people from responsibility. It is to build 
systems where people can govern more intelligently. 



3. The Four Diagnostic Questions 
The Operating Intelligence Maturity Model is organized around four  
diagnostic questions. 

1. Visibility—What can AI see? 

This question measures whether AI has access to meaningful context. 

At low maturity, AI sees only what an individual manually provides. At higher maturity, 
AI can access governed organizational knowledge, systems of record, workflows, 
customer signals, operational data, and shared memory. 

Visibility is not the same as data capture. Information must be structured, retrievable, 
synthesized, and connected to action. 

2. Agency—What can AI do? 

This question measures what actions AI can take. 

At low maturity, AI drafts, summarizes, brainstorms, or analyzes for individuals. At 
higher maturity, AI may update systems, route work, open tickets, prepare 
communications, reconcile data, generate recommendations, or act within delegated 
authority. 

Agency must always be bounded. AI should not receive operational authority faster 
than the organization develops governance, monitoring, evaluation, and escalation 
mechanisms. 

3. Extensibility—Who can improve the system? 

This question measures whether AI capability is trapped inside technical teams or 
distributed across the organization. 

At low maturity, each individual invents their own workflow. At higher maturity, teams 
and non-engineers can create reusable workflows, package knowledge, and improve 
internal tools through governed pathways. 

Extensibility is essential because the people closest to the work often understand the 
pain points best. But extensibility without governance becomes tool sprawl. 



4. Organizational Change—How has the company 
actually changed? 

This is a most important question. 

AI maturity should eventually become visible in operating cadence, role design, 
workflows, decision rights, budgets, hiring plans, escalation paths, and  
organizational structure. 

If AI has not changed how the organization works, it has not matured beyond  
tool adoption. 

4. The Maturity Model 

L0—AI Theater 

At L0, AI exists mostly as language, aspiration, experimentation, or executive signaling. 
The organization may talk about transformation, but no meaningful operating loop 
depends on AI. 

What can AI see? 

Almost nothing structured. 

Organizational knowledge lives in people’s heads, undocumented meetings, scattered 
files, private notes, SaaS tools, inboxes, and status updates that AI cannot reliably 
access or interpret. 

AI has no dependable view of the business. 

What can AI do? 

Very little of operational consequence. 

It may summarize a meeting if someone manually pastes in a transcript. It may  
help prepare a presentation, draft an email, or support isolated experimentation.  



But it cannot complete recurring work, act on systems of record, or improve an  
operational process. 

Who can extend the system? 

No one in a meaningful organizational sense. 

AI is not yet a system. It is a personal or performative tool. There is no shared 
architecture, no governance, no repeatable workflow, and no mechanism for 
institutional learning. 

How has the organization changed? 

It has not. 

The org chart is unchanged. Hiring plans are unchanged. Handoffs are unchanged. 
Managers still act as human routers. Meetings, reporting lines, and status updates 
remain the real operating system. 

Hard test 

Can AI complete any recurring business process end-to-end with reliable visibility, 
bounded authority, and human accountability? 

If not, this is not operational AI. It is theater. 

Common false positive 

A CEO gives an excellent speech about AI transformation while the company still runs 
through the same executive meetings, reporting structures, status updates, and 
headcount assumptions. 

Announcement is not adoption. 

Inherent risk 

The primary risk at L0 is strategic self-deception. 

The organization mistakes narrative for transformation. It may believe it is preparing for 
AI when it is only developing language around AI. This delays readiness, encourages 
superficial initiatives, and allows shadow AI to grow unnoticed. 



L1—Personal Productivity 

At L1, individuals use AI to work faster, but the organization does not retain, govern, or 
compound that learning. 

AI creates individual leverage, not organizational capability. 

What can AI see? 

Each person’s AI sees only what that person provides. 

This may include saved prompts, private files, personal notes, scratch knowledge 
bases, pasted transcripts, or manually uploaded documents. Visibility is individual, 
fragmented, and temporary. 

There is no durable organizational context. 

What can AI do? 

AI can help individuals draft, summarize, brainstorm, analyze, code, research,  
and prepare materials. 

However, it cannot act on systems of record. It cannot coordinate across teams.  
It cannot preserve workflows beyond the individual who created them. 

Who can extend the system? 

Each user reinvents independently. 

Power users become local heroes, but their workflows are personal. If they leave, 
change roles, or stop maintaining their methods, the capability leaves with them. 

How has the organization changed? 

Structurally, it has not. 

The same roles exist. The same handoffs remain. The same reporting structures 
continue. The company may have hired a Head of AI, purchased AI tools, or 
encouraged experimentation, but the organization itself still operates the same way. 



Hard test 

If your best AI user left tomorrow, would their workflow remain usable 
inside the company? 

If the answer is no, the organization has individual productivity, not organizational  
AI maturity. 

Common false positive 

“Eighty percent of employees use AI weekly.” 

That may be true and still strategically meaningless. 

Usage is not maturity. Personal acceleration is not organizational transformation. 

Inherent risk 

The primary risk at L1 is fragmented individual leverage without  
organizational control. 

Employees may become faster, but the organization does not know how, cannot 
govern it, and cannot preserve the gains. Data leakage, hallucinated work products, 
undocumented workflows, and power-user dependency are common risks at this stage. 

The organization gets used to AI usage before it develops AI discipline. 

L2—Team Workflow 

At L2, AI begins to support repeatable workflows within teams. AI is no longer only 
personal. It becomes functionally useful, but remains bounded by departmental silos. 

What can AI see? 

AI can see shared team context. 

This may include team prompt libraries, shared knowledge files, project 
documentation, workflow instructions, departmental knowledge bases, function-
specific integrations, MCP servers, or governed access to selected tools. Visibility 
exists, but usually within team boundaries. 



What can AI do? 

AI can support functional workflows. 

Examples include: 

• Sales prospecting 
• Support triage 
• Engineering code review 
• Marketing content production 
• Customer success account summaries 
• Recruiting coordination 
• Internal reporting 
• Financial analysis support 

The key distinction is repeatability. A team has defined patterns of AI-supported work 
that more than one person can use. 

Who can extend the system? 

Within the team, some non-engineers can extend or adapt workflows. 

A sales operations lead might improve an account research workflow. A support lead 
might refine a triage assistant. A marketing manager might create a reusable campaign 
drafting process. 

Across teams, however, extension remains limited. Each function tends to rebuild its 
own private AI stack. 

How has the organization changed? 

The team becomes more efficient, but the organization  
remains mostly unchanged. 

A customer success manager may now handle more accounts. A support team may 
clear tickets faster. An engineering team may review code more efficiently. 

But role boundaries remain intact. Team boundaries remain intact. Cross-functional 
coordination still depends heavily on meetings and managers. 



Hard test 

Can a new qualified team member use the AI workflow without  
rebuilding it from scratch? 

And does the workflow cross team boundaries, or is each function still building its own 
private AI stack? 

Common false positive 

“We have AI workflows in every department.” 

That may sound mature, but if the workflows do not connect, the company is not  
AI-native. It is a collection of AI-enhanced silos. 

Inherent risk 

The primary risk at L2 is AI-enhanced silos. 

Teams begin building useful workflows, but each function optimizes locally. The 
organization becomes faster in parts, not smarter as a whole. Duplicated efforts, 
conflicting outputs, local optimization, and unclear accountability are common risks. 

L3—Organizational Infrastructure 

At L3, the organization becomes meaningfully queryable and actionable  
across functions. 

This is the major inflection point. AI is no longer just helping individuals or teams.  
It is beginning to operate across the organization’s actual systems, records,  
decisions, and workflows. 

What can AI see? 

AI can access cross-functional organizational context  
through governed interfaces. 



Core systems of record are exposed through well-defined mechanisms such as APIs, 
MCP servers, command layers, data warehouses, internal tools, or other controlled 
access points. 

AI can see across areas such as: 

• Product 
• Sales 
• Customer success 
• Support 
• Finance 
• Operations 
• Engineering 
• Documentation 
• Customer communications 
• Internal knowledge 

The organization is not merely storing information. It is making information legible. 

What can AI do? 

Agents can act across systems within bounded authority. 

They may: 

• Update CRM records 
• Open pull requests 
• Route support tickets 
• Draft customer communications 
• Reconcile invoices 
• Run analyses 
• Generate account summaries 
• Connect product changes to customer feedback 
• Identify operational bottlenecks 
• Produce cross-functional briefings 

AI can now do more than observe. It can act, but within clear scopes, permissions,  
and review structures. 



Who can extend the system? 

Non-engineers can author reusable skills, workflows, or patterns. 

A sales representative might package call analysis into a reusable workflow. 
A customer experience engineer might package a ticket investigation process. 
A finance analyst might build a recurring invoice review assistant. 
A product operator might define a customer-feedback-to-roadmap synthesis workflow. 

The important shift is horizontal reuse. 

Knowledge no longer stays trapped inside one person or one function. 

How has the organization changed? 

The org chart begins to look materially different from a pre-AI equivalent. 

The exact form may vary: 

• Product managers become agent orchestrators and product curators. 
• Some teams operate with fewer dedicated coordination roles. 
• Builders emerge across functions. 
• Operations roles shift from manual routing to workflow design. 
• Headcount planning starts competing with token, tooling, and systems 

investment. 

The unifying signal is this: 

The company has made an explicit structural choice about how  
AI changes who does what. 

That choice is visible in roles, workflows, budgets, operating cadence, and  
decision rights. 

Hard test 

Can an agent answer the following across systems without convening a  
cross-functional meeting? 

• What shipped last sprint? 
• Who asked for it? 
• What broke after launch? 



• What did customers say? 
• What should the company do next? 

If the answer is yes, the organization has crossed into infrastructure-level  
AI maturity. 

Common false positive 

A landfill of meeting transcripts, dashboards, and captured documents. 

Capture is not legibility. 
Search is not synthesis. 
An inert archive is not an operating system. 

Inherent risk 

The primary risk at L3 is cross-system authority without sufficient control. 

This is the first level where AI begins touching the organization’s real operating 
structure. The value increases significantly, but so does the consequence of error. 

Common risks include permission creep, context contamination, over-trust in 
synthesis, action errors at scale, audit gaps, security exposure, and operational 
dependency. 

The organization becomes legible to AI before it is fully governable by humans. 

L4—Compounding Operating System 

At L4, the organization has a governed internal AI operating system. Workflows, 
agents, skills, memory, evaluations, and policies improve over time. 

The system does not merely automate tasks. It compounds organizational learning. 

What can AI see? 

AI can see not only events, documents, and data, but also the 
relationships between them. 



The system maintains shared context over time. It understands recurring patterns, prior 
decisions, unresolved issues, customer history, workflow outcomes, and institutional 
memory. 

Visibility is continuous rather than episodic. 

The organization has moved from: 

       capture > search > response 

to: 

       capture > synthesis > action > feedback > improvement 

What can AI do? 

Agents can operate with policy-driven authority inside scoped domains. 

Examples: 

• A security agent detects a vulnerability, validates it, proposes a fix, opens a pull 
request, and escalates for human merge review. 

• A finance agent reviews contracts against known risk patterns and routes 
exceptions. 

• A customer success agent identifies churn risk, generates an account plan, and 
triggers appropriate internal follow-up. 

• A product agent synthesizes customer feedback, support tickets, roadmap 
commitments, and engineering constraints into recommended priorities. 

• An operations agent monitors recurring bottlenecks and proposes workflow 
changes. 

At this level, organizations also build custom internal harnesses around the work they 
perform most often. 

The company actively removes software blockers that prevent agents from becoming 
useful. 

Who can extend the system? 

Non-engineers can ship meaningful internal tools. 



> A finance person builds a contract review workflow. 
> An account executive creates a sales qualification tool. 
> A support lead builds a ticket investigation assistant. 
> An operations manager creates a recurring performance-analysis workflow. 

They do not file a ticket and wait months. They identify pain, prototype a fix, test it, 
and pull in engineering or governance only when the workflow needs to move  
toward production. 

The organization develops a governed internal marketplace of reusable skills, 
agents, and workflows. 

How has the organization changed? 

Hierarchy begins to collapse toward workflow ownership and  
agent orchestration. 

New archetypes emerge: 

• Agent workflow managers 
• AI operations leads 
• Internal tool builders 
• Human reviewers 
• Context architects 
• Evaluation designers 
• Policy owners 
• AI-enabled functional operators 

Promotion and compensation begin to reflect AI proficiency, workflow design, 
judgment, and the ability to improve the organization’s operating system. 

Customer signal-to-ship time may be measured in hours or days instead of  
weeks or quarters. 

Hard test 

Show a workflow that improved because the system learned from prior runs, not 
because one heroic person manually improved it. 



Then show three production-grade internal tools shipped by non-engineers in  
the last quarter. 

If both are true, the organization is beginning to compound. 

Common false positive 

Agent sprawl. 

A hundred brittle automations do not equal a compounding operating system. 

L4 requires managed compounding: 

• Lifecycle management 
• Observability 
• Evaluation 
• Governance 
• Versioning 
• Access control 
• Human review 
• Retirement of obsolete workflows 
• Compaction of duplicated efforts 

Without discipline, the factory clogs. 

Inherent risk 

The primary risk at L4 is managed compounding becoming unmanaged acceleration. 

The system learns, adapts, propagates workflows, and influences operations over time. 
That creates leverage, but also second-order risk. 

Common risks include agent sprawl, compounding error, weak evaluation, 
automation debt, policy drift, skill atrophy, invisible organizational bias, internal 
tool risk, and systemic fragility. 

The organization starts compounding intelligence and error at the same time. 



L5—Virtually Self-Driving Organization 

L5 is a theoretical horizon, not a commonly observed present-day state. 

An L5 organization is one where core operating loops can sense reality, diagnose 
issues, initiate work, execute within delegated authority, update shared memory, 
and improve future behavior. 

Humans still govern strategy, taste, risk, values, accountability, and exceptions. 

AI does not replace human responsibility. Instead, humans stop manually running 
every operating loop. 

The six L5 markers 

An L5 system can: 

1. Notice something important without being asked. 
2. Synthesize across multiple sources of context. 
3. Decide whether action is warranted. 
4. Act within delegated authority. 
5. Escalate when uncertainty, risk, or consequence exceeds its authority. 
6. Update shared memory so future behavior improves. 

What can AI see? 

AI sees generatively. 

It does not merely answer questions humans ask. It identifies gaps in its own 
knowledge, proposes investigations, runs them, and determines whether 
something important is emerging. 

The system asks better questions before humans know which questions to ask. 

What can AI do? 

AI can make delegated decisions in novel situations, not merely execute  
preconfigured rules. 



This is the L4-to-L5 leap: 

At L4, the system improves because humans direct it to. 
At L5, the system improves because it notices that it should. 

This does not mean unlimited autonomy. It means the system can initiate action 
within clearly governed boundaries. 

Who can extend the system? 

The boundary between internal tool and customer-facing product  
begins to dissolve. 

Non-engineers may contribute directly to customer-facing capabilities, or the product 
itself may be reshaped so that non-engineers can extend it safely without writing 
traditional code. 

The organization’s knowledge, workflows, and product surface begin to converge. 

How has the organization changed? 

The organization becomes fluid. 

Agents function as organizational members with meaningful delegated authority. 
The system may propose role changes, team boundary shifts, onboarding 
improvements, process redesigns, or new operating structures. 

Institutional knowledge survives transitions because it lives in the system, not  
only in individuals. 

Onboarding becomes system-driven. 
Coordination becomes increasingly automated. 
Human work shifts toward judgment, taste, relationship, ethics, strategy, 
and exception-handling. 

Hard test 

What important thing did the company notice, decide, act on, and learn 
from recently without a human initiating the process? 



> Not a threshold alert. 
> Not a configured automation. 
> Not an agent summarizing what people already surfaced. 

Something the system synthesized that humans had not yet framed as a question. 

Common false positive 

Fake autonomy. 

A company claims self-driving behavior, but the system is only executing preconfigured 
rules, surfacing threshold alerts, or summarizing human-identified issues. 

Humans are still doing all the noticing. 

Distinguishing real generative organizational behavior from glorified observability 
remains the open challenge at this level. 

Inherent risk 

The primary risk at L5 is delegated autonomy exceeding human comprehension, 
accountability, or control. 

Common risks include false autonomy, misdirected initiative, authority boundary 
failure, accountability ambiguity, strategic misalignment, escalation failure, loss of 
institutional intuition, and moral delegation. 

The organization delegates initiative before it has mastered accountability. 

5. Risk Changes at Every Level 
A common mistake in AI strategy is assuming that risk increases only as AI becomes 
more capable. 

The reality is more subtle. 

Low maturity creates hidden risk. 
High maturity creates systemic risk. 



At low levels, the danger is that organizations do not know what employees are doing, 
what data is being shared, or what AI-generated content is entering the business. 

At higher levels, the danger is that AI systems become integrated enough to affect 
real operations, but not governed enough to deserve that authority. 

The risk pattern looks like this: 

Each level solves a problem from the level before it, but creates a new class of risk. 

L1 solves L0 theater by creating real usage, but it creates shadow AI. 

L2 solves L1 fragmentation by creating shared team workflows, but it creates  
functional silos. 

L3 solves L2 silos by creating cross-functional infrastructure, but it creates cross-system authority 
risk. 

L4 solves L3 one-off action by creating compounding workflows, but it creates compounding error. 

L5 solves L4 human-directed improvement by enabling system-initiated improvement, but it 
creates autonomy and accountability risk. 

Therefore, maturity cannot mean “more AI authority” by itself. 

A healthier definition is: 

AI maturity is the organization’s ability to increase AI visibility, agency, extensibility, 
and adaptability while maintaining human accountability, governance, evaluation, 
and judgment. 

Level Main Value Main Risk

L0—AI Theater Awareness Theater and self-deception

L1—Personal Productivity Individual speed Ungoverned personal use

L2—Team Workflow Team efficiency AI-enhanced silos

L3—Organizational Infrastructure Cross-functional action
Authority without sufficient 
control

L4—Compounding Operating 
System Compounding capability

Compounding error and agent 
sprawl

L5—Virtually Self-Driving 
Organization

Self-improving operating 
loops

Autonomy beyond accountability



6. Governance Must Mature  
Alongside Capability 
AI governance is often misunderstood as a barrier to innovation. In reality, 
governance is what allows responsible innovation to scale. 

At low maturity, governance may begin with a basic acceptable use policy. 
Employees need to know which AI tools are approved, what data may not be entered 
into external systems, where human review is required, and which uses are prohibited. 

As maturity increases, governance must expand. 

By L2, teams need shared workflow standards, review practices, documentation,  
and ownership. 

By L3, organizations need system access controls, audit trails, role-based 
permissions, data quality practices, model inventories, and escalation paths. 

By L4, governance must include lifecycle management, evaluation frameworks, 
observability, version control, agent retirement, internal tool review, and policy-
driven authority. 

By L5, governance must address delegated initiative, strategic alignment, exception 
handling, accountability, moral responsibility, and the limits of autonomy. 

The governance question changes at each level: 

Governance should not stop AI adoption. It should prevent careless experimentation 
from becoming operational risk. 

Level Governance Question

L0 Do we know whether AI is being used at all?

L1 Are employees using AI safely and appropriately?

L2 Are team workflows documented, reviewable, and reusable?

L3 Are cross-system actions permissioned, auditable, and accountable?

L4 Are agents, skills, and workflows evaluated, governed, and retired when needed?

L5 Can the organization govern systems that initiate action without being prompted?



7. How to Use the Model 
This model can be used as a diagnostic tool for leaders, consultants, 
boards, transformation teams, and AI governance groups. 

The objective is not to assign a flattering maturity score. The objective is to determine 
where the organization actually stands and what must be strengthened before  
moving further. 

Step 1: Assess current visibility 

Ask: 
• What can AI currently access? 
• Is context personal, team-based, or organizational? 
• Are systems of record accessible through governed interfaces? 
• Is information merely captured, or is it synthesized? 
• Can AI connect information across functions? 

Step 2: Assess current agency 

Ask: 
• What can AI currently do? 
• Can it only generate text? 
• Can it update records? 
• Can it route work? 
• Can it trigger workflows? 
• Can it act across systems? 
• Where is human approval required? 

Step 3: Assess extensibility 

Ask: 
• Who can build or improve AI workflows? 
• Are workflows trapped with power users? 
• Can teams share reusable patterns? 
• Can non-engineers create governed internal tools? 
• Are successful workflows discoverable by others? 



Step 4: Assess organizational change 

Ask: 
• Has AI changed roles? 
• Has it changed workflows? 
• Has it changed hiring plans? 
• Has it changed budgets? 
• Has it changed decision rights? 
• Has it changed how leadership receives intelligence? 
• Has it reduced unnecessary coordination burden? 

Step 5: Assess governance maturity 

Ask: 
• Is there an acceptable use policy? 
• Is there a data usage policy? 
• Are AI use cases classified by risk? 
• Are high-risk use cases reviewed? 
• Are AI systems inventoried? 
• Are outputs monitored? 
• Are agent actions auditable? 
• Are escalation paths defined? 

Step 6: Assign the maturity level conservatively 

An organization should be classified at the highest level where the core conditions are 
consistently met. 

Do not upgrade maturity based on: 

• Executive claims 
• Pilot projects 
• Tool purchases 
• Employee usage rates 
• Vendor demos 
• Isolated power users 
• One successful automation 

Evidence matters. 



> A company with one impressive AI workflow may still be L1 or L2. 
> A company with many disconnected workflows may still be L2. 
> A company with vast captured knowledge but no synthesis may not be L3. 
> A company with many agents but no lifecycle management is not L4. 

8. The Strategic Implication 
The practical question for leaders is not: 

How do we get to L5? 

That is the wrong starting point. 

The better question is: 

What is the next responsible level of maturity for our organization, given 
our strategy, risk tolerance, operating model, data readiness, and 
governance capability? 

For many small and midsize organizations, the right near-term goal may be moving 
from L0 to L1 safely, or from L1 to L2 intentionally. 

For larger organizations, the challenge may be moving from department-level AI 
workflows to true organizational infrastructure. 

For AI-forward companies, the challenge may be preventing L4 agent sprawl while 
building evaluation, governance, and lifecycle discipline. 

Not every organization needs the same level of AI maturity. But every organization 
needs to understand where it actually is. 

Maturity should be pursued deliberately. 

The question is not how much AI can do. 

The question is—how much AI should do, under what authority, with what 
oversight, and toward what business purpose? 



9. Conclusion 
Artificial intelligence will not transform organizations simply because employees use it, 
executives endorse it, or vendors install it. 

AI becomes transformative when it changes how the organization sees, decides, 
acts, learns, and governs itself. 

The Operating Intelligence Maturity Model provides a practical way to distinguish 
surface-level adoption from real organizational change. 

At L0, AI is theater. 
At L1, AI helps individuals. 
At L2, AI helps teams. 
At L3, AI begins to operate across the organization. 
At L4, AI capability compounds through governed systems. 
At L5, AI approaches self-improving operating loops while humans retain strategy, 
judgment, values, accountability, and exception authority. 

The higher the maturity, the greater the potential. But also the greater the need for 
governance. 

The future of AI-enabled organizations should not be defined by blind automation or 
fake autonomy. It should be defined by clear judgment, responsible authority, human 
accountability, and systems that help people operate with greater intelligence. 

AI maturity is not about removing humans from the loop. 

It is about building organizations where humans can govern better loops. 

Closing Principle 

The goal is not to automate the organization. 
The goal is to make the organization more intelligent, more accountable, 
and more capable of learning. 
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